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® Goal: Examine performance benefits
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Evaluation Experiment Design

® Goal: Examine performance benefits
® Subject systems
® Industrial feature Models
® Various domains, sizes
® Emulate realistic changes
® Remove one constraint — Compile without
— Incrementally add removed
® Apply typical edit patterns e.g.:
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® Change feature group
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Conclusion & Outlook

Thomas Thiim

Insights

Substantial runtime improvements for some feature models
Undo by caching performs very well

Limitations

Performance highly depends on input model
Some models always need full recompilation

(Future Work
How to improve for unfavourable d-DNNFs?

How to prepare the initial d-DNNF to be more favourable?
How to recognize hopeless d-DNNFs?
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