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Sneaker

Color

White Black Blue

Closing mechanisms
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Extra Styles

Eyelets Pattern
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Example Configuration
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2-wise Interactions

Interactions between Eyelets (E) and Pattern (P):
{E ,P}, {E ,¬P}, {¬E ,P}, {¬E ,¬P}
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Binary Decision Diagrams

Sneaker Feature Model
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2-wise Counting on BDDs
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Results

Feature Model #2-wise Interactions Runtime (s) YASA Time (s)
jhipster 3,151 0.0058 0.4961
berkeleydb 10,115 0.0227 0.5395
toybox 256,494 0.0298 1.3214
embtoolkit 1,938,278 0.2865 7.2589
fiasco 2,427,068 0.2992 20.4074
sandwich 596 0.0003 0.4560

financialservices01 917,150 0.9585 9.4991

automotive01 11,082,088 36.3714 12.0693

automotive02 v4 627,784,994 104.2016 –

Aaron Molt, Tobias Heß, Thomas Thüm 6



YASA vs. SPUR
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YASA vs. SPUR
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Results YASA vs. SPUR

automotive01
berkeleydb

busybox_1.18.0
embtoolkit fiasco

financialservices01
jhipster

toybox

Feature Model

10 3

10 2

10 1

100

101

Qu
al

ity
 S

co
re

 (l
og

)

YASA
SPUR

yasa spur
Sampler

10 3

10 2

10 1

100

101

Qu
al

ity
 S

co
re

 (l
og

)
Aaron Molt, Tobias Heß, Thomas Thüm 9



Results Correlation Coefficient – Size
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ϱ = −0.9857; p = 3 ∗ 10−8
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Results Correlation Coefficient – Coverage
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Summary

• Sample Quality without coverage calculation
⇒ Metric 20 seconds vs Coverage 24+ hours

• Counting and generating interactions 5 minutes
vs 24+ hours

Aaron Molt, Tobias Heß, Thomas Thüm 12



Score

0 500 1000 1500 2000 2500 3000 3500 4000 4500
Edge Usage Amount

0.0

0.2

0.4

0.6

0.8

1.0

Am
ou

nt
 o

f e
dg

es
 w

ith
 th

is 
us

ag
e 

Am
ou

nt
Cumulative Sum for the Edge Usage Amounts

Aaron Molt, Tobias Heß, Thomas Thüm 13



Score

score(sample) = #edges(sample)
#configurations(sample)

· cumsummean
mean

Higher is Better!
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Counting Algorithm
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Legend

Lnode = ingoing literals of node
Iliteral = interactions with literal

Aaron Molt, Tobias Heß, Thomas Thüm 15
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